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Abstract

This paper introduces and tests a new concept—partisan disbelief in knowledge—the tendency for
partisans to believe that their in-group is more knowledgeable than the opposing party, even
about basic non-partisan facts. Using large-scale surveys and experiments in South Korea and
the United States, we document that partisans perceive their in-group’s accuracy rate in judg-
ing non-partisan facts to exceed that of the out-group by about 15 percentage points. This par-
tisan disbelief distorts information processing: when identical information is attributed to out-
group sources, individuals are less likely to update their opinions, revealing an in-group bias
that extends beyond explicitly partisan issues. Providing corrective evidence that both sides
are equally knowledgeable reduces partisan disbelief and weakens this in-group bias. It also
temporarily lowers affective polarization, though the effect fades over time. Together, these re-
sults show that polarization extends beyond politics to perceptions of competence, identifying
a novel cognitive mechanism through which social identity undermines accurate information
processing and mutual understanding in societies.
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1 Introduction

Political polarization has become one of the most pressing challenges for contemporary democ-
racies. According to the Pew Research Center, a median of 65% of respondents across 19 countries
report that their societies are experiencing strong partisan conflict.1 In highly polarized environ-
ments, party identification functions as a salient social identity: individuals regard co-partisans as
in-group members and opposing partisans as out-group members (e.g., Green et al., 2002; Huddy
et al., 2015). Such identity divisions can distort how people process information and interact with
one another in everyday life.

A large body of research in economics, political science, and psychology shows that social
identity fosters systematic misperceptions about out-group members, including in partisan con-
texts (see Bursztyn and Yang, 2022). People often misjudge the diversity of opinions within the
opposing party (Dias et al., 2025) and overstate the degree of ideological conflict (Ahler, 2014). Yet
the literature has paid little attention to a more fundamental dimension of misperception—how
partisans perceive others’ knowledge.

This paper studies a novel form of bias which we term partisan disbelief in knowledge. We posit
that partisans may believe that supporters of their own party are more knowledgeable than sup-
porters of the opposing party, even about basic non-partisan facts (e.g., whether the iPhone was
invented before 2000). If present, this belief represents a new channel through which polarization
distorts cognition and communication.

Partisan disbelief matters for two reasons. First, it can generate an in-group bias in informa-
tion processing. When an individual encounters information attributed to an out-group source,
partisan disbelief may lead them to discount it as unreliable–hindering information aggregation
in everyday interactions and on social media, even in the absence of network homophily (Golub
and Jackson, 2012). This mechanism differs from well-studied partisan selective exposure (e.g., Pe-
terson et al., 2021; Faia et al., 2024; Chopra et al., 2024), which arises because individuals view
out-group information as ideologically biased. In contrast, partisan disbelief implies distrust even
for non-partisan information, producing spillovers of polarization beyond the political domain.
As a result, partisan disbelief not only shapes political attitudes but also weakens the shared fact-
based communications and collective reasoning.

Second, partisan disbelief may amplify affective polarization. Contemporary political con-
flict is not only ideological but also emotional: many citizens dislike and distrust the out-party
members (Iyengar and Westwood, 2015; Iyengar et al., 2019; Boxell et al., 2024). Affective polar-
ization may even undermine democratic norms, although the evidence is mixed (Druckman and
Levendusky, 2019; Voelkel et al., 2023; Cox et al., 2025), and it distorts social interactions even in
non-political domains (e.g., Fowler and Kam, 2007; Huber and Malhotra, 2017; Shafranek, 2021;
Mill and Morgan, 2022; Dimant, 2024). If people view out-groups as less knowledgeable, such
perceptions can intensify distrust and contempt, reinforcing affective polarization.

1“Most across 19 countries see strong partisan conflicts in their society, especially in South Korea and the U.S.”
(Silver et al., 2022).
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Motivated by these considerations, we empirically examine the existence and consequences
of partisan disbelief. We address three questions: (1) Does partisan disbelief exist in polarized
societies? (2) Does it create an in-group bias in information processing, and can corrections reduce
that bias? (3) Does reducing partisan disbelief mitigate affective polarization?

To answer these questions, we conducted two online studies–a baseline survey and a survey
experiment–in two highly polarized democracies, South Korea and the United States. Pew surveys
indicate that 90% of South Koreans and 88% of Americans perceive intense partisan conflict (Silver
et al., 2022). Both countries have clear two-party systems, allowing clean identification of in- and
out-groups, yet they differ substantially in culture, institutions, and democratic history, which
enhances the external validity of our findings.

In the baseline survey (approximately 1,500 respondents per country), participants evaluated
eight true-or-false statements on non-partisan facts (both political and non-political). For each
statement, respondents judged whether it was true or false and estimated what share of supporters
in each political group would answer correctly. Comparing perceived accuracy rates across groups
allows us to measure partisan disbelief—the tendency to think that in-group members are better
informed than out-groups, even on non-political facts.

We find that partisans perceive the accuracy rate of in-party members in these judgment tasks
to be higher than that of out-party members by approximately 15 percentage points or more.
Given that the actual accuracy rates differ across partisan groups by less than 5 percentage points,
this misperception is both substantial and striking.

Building on these findings, we implemented a large-scale survey experiment (approximately
4,200 respondents per country) to test the mechanisms linking partisan disbelief to information
processing and affective polarization.2 Participants first answered factual questions and estimated
partisan accuracy rates, enabling us to measure each respondent’s baseline disbelief. We then ran-
domly provided half of the respondents with corrective information showing that, in our baseline
data, supporters of both parties were almost equally accurate. Next, all participants received “sig-
nals” reporting the majority judgment of either in-group or out-group supporters on additional
factual statements. Because the content of the signals was identical across groups, any differential
updating reveals in-group bias in information processing.

The experiment yields three main findings. First, corrective information significantly reduces
partisan disbelief, demonstrating that the bias is malleable. Second, we document clear in-group
bias in information processing—stronger in South Korea than in the United States—and show
that reducing disbelief weakens this bias. Third, providing corrective information temporarily
lowers affective polarization, though the effect fades by the end of the survey, indicating that such
interventions have only a short-lived impact.

Together, these results reveal that partisans not only distrust the opposing side’s motives but
also underestimate its knowledge. This misperception distorts information processing even on apo-
litical issues and contributes to the persistence of affective polarization. By identifying and experi-

2For guidance on information-provision experiments, see Haaland et al. (2023).
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mentally correcting this new mechanism, our paper contributes to the literature on misperceptions
about others (Bursztyn and Yang, 2022), in-group bias in information processing and selection (Pe-
terson et al., 2021; Faia et al., 2024; Chopra et al., 2024), and interventions to mitigate polarization
(Druckman and Levendusky, 2019; Voelkel et al., 2023).

Related literature This study is related to three strands of the literature: (i) misperceptions about
others, (ii) in-group bias in information selection and processing, and (iii) interventions to reduce
affective polarization.

First, numerous studies in economics, political science, and psychology document that people
hold systematic misperceptions about others, which are particularly pronounced when directed
at out-groups (see Bursztyn and Yang (2022) for a review).3 With the rise of affective polariza-
tion, partisanship has become a central dividing line between in- and out-groups (Iyengar et al.,
2019), making misperceptions about out-partisans especially likely. Prior work shows that peo-
ple misperceive the demographic composition of parties (Ahler and Sood, 2018), the diversity
of opinions within the opposing party (Dias et al., 2025), the extent of ideological polarization
(Ahler, 2014), the degree of affective polarization (Druckman et al., 2022), and the likely behav-
ior of out-groups in strategic settings (Dimant, 2024). Relatedly, work in economics shows that
misperceptions shape redistribution preferences (e.g., Alesina et al., 2018).4 Our contribution is to
identify and test a new type of misperception—partisan disbelief in knowledge: the tendency to think
co-partisans are more knowledgeable than out-partisans even about apolitical facts. Unlike previ-
ously studied misperceptions, this bias is unrelated to partisan content and concerns the perceived
competence of the source.

Second, we contribute to the literature on in-group bias in information selection and process-
ing. Citizens today differ not only in ideological positions but also in perceptions of factual reality
(Alesina et al., 2020). Many studies document partisan selective exposure (in-group biased selec-
tion) (e.g., Peterson et al., 2021; Faia et al., 2024; Chopra et al., 2024), yet curbing selection alone
has limited effects on opinions (Levy, 2021), pointing to in-group bias during processing, which is
less studied.5 The literature documents systematic deviations from Bayesian updating, such as
motivated reasoning and confirmation bias, in political settings (e.g., Lord et al., 1979; Taber and
Lodge, 2006; Taber et al., 2009; Thaler, 2024) as well as in apolitical settings (e.g., Fryer Jr et al.,
2019; Zimmermann, 2020; De Filippis et al., 2022; Angrisani et al., 2021). However, they are condi-
tional on information content rather than on source identity.6 We add two points. First, we isolate

3Another implication of social identity is that altruism may be extended only to in-group members. The degree to
which individuals exhibit the same level of altruism toward strangers as toward in-group members has been measured
across many countries (Enke et al., 2023; Cappelen et al., 2025).

4They document misperceptions about intergenerational inequality. See also Alesina et al. (2020).
5Fang et al. (2025) find that conversations with contrary-minded individuals did not lead to convergence in political

views.
6Hill (2017) find symmetric learning when information comes from computers (see also Moorthy (2025)), underscor-

ing source identity. Kashner and Stalinski (2024) show that the order between partisan and non-partisan information
matters even with identical content. By contrast, Faia et al. (2024) find that revealing the news source affects selection
but not processing once read.
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an in-group processing bias that operates through distrust in others’ knowledge: identical signals
are discounted when attributed to out-partisans. Second, we show that this mechanism arises
even on non-partisan facts, beyond the scope of selective exposure or content-driven motivated
reasoning. Closely related are Zhang and Rand (2023), who document disbelief in others’ ability
to detect fake news and a processing bias in the U.S., and Moorthy (2025), who study disbelief in
others’ ability to apply Bayes’ rule in India. We differ in the type of disbelief (perceived general
knowledge rather than fake-news detection or Bayesian application), in the non-partisan domain
we study, and by showing that correcting disbelief attenuates in-group processing bias.

Lastly, we contribute to research on mitigating affective polarization. Existing interventions
include correcting misperceptions about out-party composition (e.g., Ahler and Sood, 2018), ad-
dressing misperceived motives (e.g., Lees and Cikara, 2020), reducing partisan identity salience
(e.g., Levendusky, 2018), highlighting cross-party warmth among leaders (e.g., Huddy and Yair,
2021), and increasing intergroup contact (e.g., Whitt et al., 2021). Recent work advances compar-
ative measurement and causal identification of affective polarization (Gidron et al., 2020, 2023),
while new measures refine how polarizing everyday interactions are (Hudde et al., 2024). We add
a complementary lever: providing corrective evidence that both sides are similarly knowledgeable
reduces partisan disbelief and weakens in-group processing bias; it also temporarily lowers affec-
tive polarization. In short, we identify a novel, competence-based channel linking social identity
to mutual understanding and show how light-touch corrections can partially mitigate its conse-
quences.

The remainder of the paper is organized as follows. Section 2 describes the design and re-
sults of the baseline survey, demonstrating the prevalence of partisan disbelief. Section 3 outlines
the experimental design, Section 4 presents the empirical hypotheses, and Section 5 presents the
experimental results. Section 6 concludes.

2 Prevalence of Partisan Disbelief: Baseline Survey

The first objective of this study is to examine whether partisan disbelief in political knowl-
edge—defined as the misperception that out-group members possess lower knowledge than in-
group members—exists in two highly polarized countries: South Korea and the United States.

2.1 Case Selection: South Korea and the United States

South Korea provides an instructive case of severe yet distinctive partisan polarization. Sil-
ver et al. (2022) report that nearly 90% of South Koreans perceive strong or very strong partisan
conflict—one of the highest shares among advanced democracies. The country’s two-party align-
ment between the conservative People’s Power Party and the liberal Democratic Party of Korea
produces a clear division of political identity, making it easy to define in- and out-groups. Po-
larization in South Korea has intensified over time as corruption scandals, rapid social change,

5



and generational cleavages over gender and inequality have deepened distrust between camps
(Cheong and Haggard, 2023). These tensions culminated in the 2024 martial-law crisis. Because
South Korea’s democracy is relatively young and its partisan alignments have evolved rapidly
since democratization in 1987,7 South Korea offers a useful context for examining how partisan-
ship affects and cognitive bias can emerge in a newer democracy with high political engagement
and low cross-party trust.

The United States, by contrast, represents a long-established democracy where polarization
has become a defining feature of public life. Approximately 88% of Americans perceive intense
partisan conflict, and affective polarization—defined as dislike and distrust of the opposing party—
has increased sharply over the past four decades (Silver et al., 2022). The U.S. two-party system
provides a clear and stable mapping of political identity, yet its institutional, cultural, and media
environment differs sharply from South Korea’s. Studying the United States, therefore, allows
us to benchmark the mechanisms of partisan disbelief in a mature democracy with entrenched
ideological sorting and extensive exposure to partisan media.

Taken together, these two countries combine analytical clarity in identifying partisanship with
contrasting historical and institutional backgrounds, enhancing the external validity of our find-
ings on how polarization shapes perceptions of others’ knowledge.

In what follows, we refer to the People’s Power Party in South Korea and the Republican
Party in the United States as party R, and the Democratic Party of Korea in South Korea and the
Democratic Party in the United States as party L.

2.2 Survey Design

To investigate whether partisan disbelief in political knowledge exists in the two countries,
we conducted a Qualtrics-based online survey in South Korea from May 26 to June 4,8 and in
the U.S. from August 12 to August 15, 2025. Respondents were recruited via PureSpectrum. We
employed quota sampling on gender, age, and region of residence to ensure representativeness.
Participants received a participation fee from the survey firm. The study was pre-registered on
OSF (SK: osf.io/6dyct, U.S.: osf.io/tv52h), and the survey was approved by the Institutional Re-
view Board at Keio University. To ensure respondent quality, we included a satisficing check at the
beginning of the survey. Respondents who failed this check were not allowed to proceed further.
In total, 1,498 respondents completed the survey in South Korea and 1,597 in the United States.9

Key variables of partisan disbelief in knowledge: To measure partisan disbelief in knowledge,
respondents answered 8 true-or-false questions on non-partisan factual statements (both political
and non-political). The list of questions is provided in Table 1.

7In contrast to the U.S., the party system in South Korea is unstable as seen in the frequent changes in the party
names. However, the two streams of political camp, conservative and liberal, are relatively well-defined (Cheong and
Haggard, 2023).

8The survey was conducted during the presidential election.
9We only use the first 1,500 samples for the U.S.
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For each statement, respondents indicated whether it was true or false and rated their confi-
dence on a 0–100 scale. They were then asked to estimate the percentage of individuals in each
of three groups—supporters of party R, supporters of party L, and non-partisans—who would
correctly identify the statement as true or false. These responses form the basis for our measure of
partisan disbelief in knowledge.

The survey also included four additional questions that were similar to those described above,
except that the statements concerned conspiracy theories—both right-wing and left-wing. These
questions were included to examine partisan disbelief regarding partisan facts. The analysis of
partisan disbelief in knowledge related to conspiracy theories is provided in the Appendix.

Note that we did not provide monetary incentives to elicit precise estimates of the accuracy
rates for each political group, although doing so would have been feasible. When individuals
form beliefs, two considerations are at play: forming accurate beliefs is beneficial in terms of ma-
terial payoff, but it may reduce psychological payoff by limiting their ability to continue believing
what they wish to believe (Little, 2019). As a result, individuals engage in motivated reasoning
(Lord et al., 1979; Taber and Lodge, 2006; Taber et al., 2009; Fryer Jr et al., 2019; Zimmermann,
2020; Thaler, 2024). Providing monetary incentives increases the relative weight of material pay-
off. Hence, the accuracy rates elicited under monetary incentives would likely diverge from the
accuracy rates individuals hold in daily life. This concern dominates the advantage of monetary
incentives in eliciting partisan beliefs in highly polarized societies. For this reason, we chose not
to provide such incentives.

Table 1: List of True-or-False Questions

South Korea United States

Non-partisan facts

Political The term of the National Assembly
is 2 years. (F)

The term of office in the Senate is 4
years. (F)

To revise the Constitution, a major-
ity of votes in a national referendum
is required. (T)

To revise the Constitution, approval
from more than three-fourths of the
state legislatures is required. (T)

The country’s nominal GDP growth
rate in the last year was lower than
5%. (T)

The country’s nominal GDP growth
rate in the last year was lower than
7%. (T)

For every 100 people of working age
(15–64), there are 40 people aged 65
or older. (T)

For every 100 people of working age
(15–64), there are 40 people aged 65
or older. (F)

Non-political New Zealand is a country located in
the Middle East. (F)

New Zealand is a country located in
the Middle East. (F)

The iPhone was invented before
2000. (F)

The iPhone was invented before
2000. (F)

By law, you must be at least 19 years
old to drink alcohol. (T)

Alaska is the largest state in the
United States. (T)

The highest mountain in the country
is Hallasan. (T)

The highest mountain in the United
States is Mt. McKinley (Denali). (T)
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Individual-level measurement on polarization: In addition to measuring partisan disbelief, we
also assessed individual-level polarization in order to examine its correlation with partisan disbe-
lief.

First, we measured self-reported affective polarization using two approaches.10 The first asked
respondents: “On a scale from 0 to 100, where 0 means very cold or unfavorable feelings and
100 means very warm or favorable feelings, how warmly do you feel toward supporters of each
political party?” The second question asked respondents: “How would you feel about being in
the following types of relationships with supporters of each political party: (i) colleagues at work,
(ii) close friends, and (iii) your own or your child’s spouse?”

Second, we measured meta-perceived level of affective polarization by asking ”On a scale from
0 to 100, where 0 means very cold or unfavorable feelings and 100 means very warm or favorable
feelings, how warmly do you think party L (resp. R) supporters feel toward party R (resp. L
supporters?”

Lastly, we measured ideological polarization and meta-perceived ideological polarization. Re-
spondents were asked: “On a scale from 0 to 10, where 0 means ‘extremely liberal’ and 10 means
‘extremely conservative,’ where would you place yourself and the average supporter of each po-
litical party?” From this, we derive measures of ideological extremity and meta-perceived ideo-
logical distance between the two parties.

2.3 Summary Statistics

Table 2 presents the summary statistics from the baseline survey. Several observations emerge.
First, each political group differs in its demographic composition; for example, in South Korea,
the share of respondents aged 50 and above is higher among supporters of the People’s Power
Party. Second, in both countries, the average accuracy rates of party R supporters and party L
supporters do not differ substantially.11 Third, polarization is pronounced in both countries, in
terms of both affective and ideological polarization.

2.4 First Look at Partisan Disbelief

With the rise of affective polarization, partisanship has become a central dividing line between
in-group and out-group members (Iyengar et al., 2019), making misperceptions about out-party
members particularly likely. We expect that partisans believe supporters of the opposing party are
less knowledgeable about non-partisan facts than themselves.

10There are four measumenets for affective polarization frequently used in the literature (Druckman and Levendusky,
2019): (i) feeling thermometers, (ii) ask respondents to rate partisans when it comes to being hypocritical, selfish, honest,
or generous, (iii) how much one can trust the parties, and (iv) social distance measures that ask about individuals’
comfort in having their child marry someone from another party or having a friend from the other party. Our first
measurement corresponds to (i), while our second measurement corresponds to (iv). Druckman and Levendusky
(2019) find that all four measures are correlated, the former three measures document particularly high correlation, but
(iv) is less strongly correlated with (i)-(iii). Therefore, we use (i) and (iv).

11In the United States, non-partisans’ average accuracy rate is 9 percentage points lower than that of Republican
Party supporters.
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Table 2: Summary Statistics: Baseline Survey

SK SK SK US US US
RP LP NP RP LP NP

Demographics
Female Ratio 0.41 0.49 0.60 0.48 0.60 0.55
College-educated Ratio 0.83 0.77 0.76 0.51 0.54 0.37
Age (50+) Ratio 0.54 0.42 0.36 0.53 0.48 0.38
Judgements
Average Accuracy Rate 0.74 0.74 0.73 0.66 0.62 0.57
Average Confidence 0.81 0.78 0.71 0.73 0.71 0.65
Affective Polarization (0 to 1)
Warmth toward RP 0.75 0.21 0.39 0.82 0.29 0.45
Warmth toward LP 0.24 0.76 0.41 0.38 0.80 0.51
Ccomfortableness with RP at Work 0.78 0.49 0.56 0.81 0.67 0.77
Comfortableness with RP as Friend 0.78 0.46 0.54 0.82 0.66 0.77
Comfortableness with RP as Child 0.78 0.43 0.53 0.82 0.63 0.77
Comfortableness with LP at Work 0.47 0.78 0.57 0.68 0.88 0.79
Comfortableness with LP as Friend 0.45 0.79 0.56 0.69 0.88 0.80
Comfortableness with LP as Child 0.43 0.80 0.55 0.67 0.87 0.80
Ideological Polarization (0 to 1)
Conservatism of Self 0.71 0.39 0.53 0.76 0.39 0.52
Extremity of Self (rel. to Center) 0.47 0.35 0.17 0.58 0.51 0.36
Conservatism of RP 0.78 0.73 0.64 0.79 0.60 0.53
Conservatism of LP 0.23 0.38 0.38 0.25 0.46 0.41
Observations 343 596 458 573 563 364

Note: This table shows the summary statistics for the baseline surveys in South Korea and the United States. We report
the averages for each country and each partisan group. RP denotes right-wing party supporters, LP denotes left-wing
party supporters, and NP denotes non-partisans.
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To formally explore this hypothesis, let i denote individuals and g ∈ {R, L, N} denote one of
three political groups: supporters of party R (R), supporters of party L (L), and non-partisans (N).
Let g(i) be the party individual i supports. Let also j index the judgment tasks on non-partisan
statements j ∈ {1, ..., 8}. We then define pt

i,j as individual i’s estimated accuracy rate towards target
group t.12

Results Figure 1 shows the distributions of the averages of pt
i,j across different factual question

tasks (j = 1, 2, . . . , 8) for each perceiver and target group in South Korea, together with the ac-
tual accuracy rates. As confirmed in Table 2, the actual accuracy rates are similar across political
groups. Nevertheless, the median supporter of party R perceives the in-party accuracy rate to be
higher than 75%, whereas supporters of party L perceive it to be around 62.5%. A similar pattern
holds for supporters of party L. In contrast, non-partisans perceive the accuracy rates of party
R and party L supporters to be roughly the same. This represents partisan disbelief in knowl-
edge. Specifically, it captures how each perceiver changes their estimation of the accuracy rate
depending on the target. Therefore, we refer to this as target-based partisan disbelief.

Another way to capture partisan disbelief is to examine how the estimated accuracy rate of a
particular political group differs depending on the perceiver’s identity. For example, regarding
the accuracy rate of party R supporters, the median supporter of party R predicts it to be higher
than 75%, whereas the median supporter of party L predicts it to be lower than 62.5%. A similar
pattern holds when the target is party L supporters. However, when the target group is non-
partisans, such bias is not observed. We refer to this as perceiver-based partisan disbelief.

Figure 2 shows the distributions of the average of pt
i,j across different factual question tasks

(j = 1, 2, ..., 8) for each perceiver and target group in the U.S., along with the actual accuracy rates.
Although the exact numbers differ from those in South Korea, we observe both target-based and
perceiver-based partisan disbelief in the U.S..

So far, we have graphically examined the partisan disbelief in the two countries. In the next
two sections, we formalize and empirically test the existence of partisan disbelief.

2.5 Target-Based Partisan Disbelief

We first formally define target-based partisan disbelief. Citizens have target-based partisan
disbelief if the following two conditions are satisfied:

(a) Supporters of each party believe that members of their own party are more knowledgeable
than members of the opposing party. Formally, for each perceiver group g(i) ∈ {R, L}
separately, we estimate

pt
i,j = β11{t = i}+ µi + µj + εt

i,j, (1)

where µi and µj are individual- and issue-fixed effects. (a) expects β1 > 0.

12The question was originally asked on a 0–100 scale, which we normalized to a 0–1 scale.
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Figure 1: Partisan Disbelief in South Korea: All Factual Questions
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Notes: The figure plots the distributions of perceived accuracy, measured as the average of pt
i,j across all eight factual

questions (j = 1, . . . , 8), for each combination of perceiver and target group in South Korea. Each box represents the
interquartile range (25th–75th percentile), with the median indicated by a solid black line. The dashed horizontal line
denotes the actual average accuracy of each target group.

Figure 2: Partisan Disbelief in the United States: All Factual Questions

Target Group: RP Target Group: LP Target Group: Non Partisan
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Notes: The figure plots the distributions of perceived accuracy, measured as the average of pt
i,j across all eight factual

questions (j = 1, . . . , 8), for each combination of perceiver and target group in the United States. Each box represents
the interquartile range (25th–75th percentile), with the median indicated by a solid black line. The dashed horizontal
line denotes the actual average accuracy of each target group.
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(b) By contrast, non-partisans are expected to view the two parties’ supporters as equally knowl-
edgeable. Formally, for individuals with g(i) = N, we estimate

pt
i,j = β21{t = R}+ µi + µj + εt

i,j (2)

(b) expects β2 = 0, which indicates no perceived partisan difference in knowledge among
non-partisans.

Target-based partisan disbelief captures within-perceiver in-group favoritism.

Results Table 3 presents the results of estimating equations (1) and (2) for both countries. The
results show that party R supporters perceive their own group’s accuracy rate to be higher than
that of party L supporters by 17.4 percentage points in South Korea and by 15.6 percentage points
in the U.S. Similarly, party L supporters perceive their accuracy rate to be higher than that of party
R supporters by 15.1 percentage points in South Korea and by 14.8 percentage points in the U.S..
Non-partisans view supporters of both parties as being almost equally knowledgeable. These
results confirm the existence of target-based partisan belief in both countries.

Table 3: Target-based Partisan Disbelief: Baseline Survey

Country SK SK SK US US US
Perceiver RP LP NP RP LP NP

(1) (2) (3) (4) (5) (6)
Target = RP 0.174 0.005 0.156 0.008

(0.012) (0.007) (0.009) (0.009)
Target = LP 0.151 0.148

(0.007) (0.009)
Observations 8232 14304 10992 13752 13512 8736

Note: This table reports the results of estimating equations (1) and (2) that test for target-based partisan disbelief. Each
column corresponds to a perceiver group—supporters of the right party (RP), left party (LP), or non-partisans (NP)—in
South Korea (SK) and the United States (U.S.). The dependent variable pt

i,j denotes the perceived accuracy of target
group t by perceiver i for issue j. Reported coefficients represent perceived differences in knowledge between own-
party and opposing-party supporters, controlling for individual and issue fixed effects. Standard errors clustered at the
individual level are shown in parentheses.

2.6 Perceiver-based Partisan Disbelief

Next, we define perceiver-based partisan disbelief. Citizens have perceiver-based partisan
disbelief if the following two conditions are satisfied:

(a) Supporters of each political party believe that members of their own party are more knowl-
edgeable than the opposing party’s supporters believe them to be. Formally, for each target
group t ∈ {R, L} separately, we estimate

pt
i,j = β31{i = t}+ µj + εt

i,j, (3)
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for group g(i) ∈ {R, L}. A positive β3 indicates that partisans rate their own group as more
knowledgeable than out-partisans do, and (a) expects β3 > 0.

(b) By contrast, supporters of both parties and non-partisans are expected to hold similar views
about how knowledgeable non-partisans are. Formally, for the target group t = N, we
estimate

pt
i,j = β41{g(i) = R}+ β51{g(i) = L}+ µj + εt

i,j (4)

If perceptions of non-partisans do not differ by perceiver type, (b) expects β4 = β5 = 0.

Perceiver-based partisan disbelief captures cross-perceiver disagreement in evaluations of parti-
san knowledge.

Results Table 4 presents the results of estimating equations (3) and (4). The results show that
party R supporters evaluate the accuracy rates of party R supporters more highly than party L
supporters do, by 19.6 percentage points in both countries. Similarly, party L supporters evaluate
the accuracy rates of party L supporters more highly than party R supporters do, by 15.4 percent-
age points in South Korea and 12.7 percentage points in the U.S.. Regarding the accuracy rate of
non-partisans, we do not observe such a large difference across perceivers, although β̂4 and β̂5

are positive and statistically significant in the U.S.. Overall, these results confirm the existence of
perceiver-based partisan disbelief in both countries.

Table 4: Perceiver-based Partisan Disbelief: Baseline Survey

Country SK SK SK US US US
Target RP LP NP RP LP NP

(1) (2) (3) (4) (5) (6)
Perceiver = RP 0.196 0.005 0.196 0.045

(0.012) (0.018) (0.012) (0.016)
Perceiver = LP 0.154 0.020 0.127 0.037

(0.015) (0.015) (0.012) (0.016)
Observations 7512 7512 11176 9088 9088 12000

Note: This table reports the results of estimating equations (3) and (4) that test for perceiver-based partisan disbe-
lief. Each column corresponds to a target group—supporters of the right party (RP), left party (LP), or non-partisans
(NP)—in South Korea (SK) and the United States (U.S.). The dependent variable pt

i,j denotes the perceived accuracy of
target group t by perceiver i for issue j. Reported coefficients represent perceived differences in knowledge between
own-party and opposing-party supporters, controlling for individual and issue fixed effects. Standard errors clustered
at the individual level are shown in parentheses.

2.7 Correlation with Ideological and Affective Polarization

In addition, we expect that partisan disbelief is correlated with individual-level polarization.
While its correlation with affective polarization, emotional and identity-based animosity, is straight-
forward, additional explanation is warranted for why we also expect a correlation with ideolog-
ical polarization, which is partisan difference in issue positions and ideological values. First, as
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partisans increasingly rely on in-group sources and reject out-group expertise due to partisan dis-
belief, they accumulate different factual premises about the same political or social issues. This
asymmetry in belief updating creates self-reinforcing ideological consistency within each group.
Second, when individuals observe that the opinions of out-group members diverge from those of
in-group members, they may attribute this divergence to a perceived lack of knowledge among
out-group members rather than to fundamental differences in preferences.13 Therefore, ideologi-
cal polarization may in turn reinforce partisan disbelief. Therefore, we expect partisan disbelief to
be correlated with both ideological and affective polarization.

To investigate this formally, we need to define the average disbelief towards the out-group.
We first define the disbelief towards the out-group for each task j ∈ {1, 2, ..., 8} as follows:

disbeliefi,g(i),j := pg
i,g(i),j − pg′

i,g(i),j,

where pg
i,g(i),j is the estimated accuracy rate towards in-group g, and pg′

i,g(i),j is the estimated accu-
racy rate towards out-group g′. A larger value means that a respondent estimates the accuracy
rate higher for the in-group than for the out-group, implying larger disbelief against out-groups.

We next define the average of the measure over factual question tasks j ∈ {1, 2, ..., 8}

disbeliefi,g(i) :=
1
8

8

∑
j=1

disbeliefi,g(i),j.

We then run bivariate regressions for different polarization measures on disbeliefi,g(i).

Results Figure 3 presents the correlation between partisan disbelief and various forms of po-
larization. It shows that all measures of polarization—self-reported affective polarization, meta-
perceived affective polarization, self-reported ideological extremeness, and meta-perceived ideo-
logical polarization—are positively correlated with partisan disbelief. That is, partisan disbelief is
associated with polarization, although the causal direction may run both ways.

3 Correcting Partisan Disbelief: Experimental Design

Section 2 documents that partisan disbelief is prevalent in both of the two polarized countries
in spite of the difference in institutions and cultures. Given this result, we aim to explore the effect
of providing information that different partisan groups are equally knowledgeable in terms of
judging whether several non-partisan statements are true or false. Specifically, we explore (1) the
effect on disbelief, (2) the effect on in-group bias in information processing, and (3) the effect on
affective polarization. We focus on party R supporters and party L supporters in South Korea and
the U.S..

13This is consistent with the theoretical prediction of Cheng and Hsiaw (2022) that disagreement in opinions is ac-
companied by disagreement about the credibility of experts.
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Figure 3: Correlation with Polarization: Baseline Survey

Perceived Ideological Distance

Self Ideological Extremeness

Uncomfortable w/ Outgroup Child's Spouse

Uncomfortable Befriending Outgroup

Uncomfortable Working w/ Outgroup

Perceived Unwarmth Toward Outgroup

Unwarmth Toward Outgroup

0.0 0.2 0.4 0.6

Point Estimates with 95% CI

South Korea United States

Note: This figure presents the correlations between target-based partisan disbelief and various measures of polariza-
tion. Each point shows the estimated coefficient from a bivariate regression of individual-level disbelief on a given
polarization measure, with 95% confidence intervals.

3.1 Data Collection

We conducted an online survey experiment using Qualtrics in September 2025 in South Korea
and the United States. Respondents were recruited through Rakuten Insight in South Korea and
PureSpectrum in the United States.14 We employed quota sampling based on gender and age.
Since our focus is on individuals with partisan disbelief, we restricted the sample to respondents
who supported either party R or party L.15 Participants received a participation fee from the
survey firm. The study was pre-registered with the AEA RCT Registry (AEARCTR-0016557), and
the survey protocol was approved by the Institutional Review Board at Sungkyunkwan University
(SKKU 2025-08-064-001). To ensure respondent quality, we included a satisficing check at the
beginning of the survey. Respondents who failed this check were not allowed to proceed further.
In total, 4,262 respondents participated in South Korea and 4,375 in the United States. Based on
the power calculation, our target was 4,252 for each country. For both countries, we only use the
first 4,252 observations from respondents who completed the survey.

14Since we used PureSpectrum’s vendors in the baseline survey, we excluded respondents who completed the base-
line survey from entering the experiment

15At the beginning of the survey, respondents were asked which party they supported. Those who did not choose
either party R or L were screened out and could not proceed further. Thus, the sample includes only supporters of
party R or party L.
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3.2 Survey Structure

The survey flow is given by Figure 4. The main part of this experiment contains nine tasks
where respondents are asked to judge whether a statement is true or false: j ∈ {1, ..., 9} as in the
baseline survey. There are four types of tasks. First, we have two tasks on factual questions before
the treatment (j = 1, 2). Second, after the treatment, we have three tasks on factual questions
(j = 3, 4, 5) and two tasks on conspiracy theory questions with partisan signals (j = 6, 7). Finally,
we have two tasks on factual questions with education group signals (j = 8, 9). The main focus of
our analysis is tasks on non-partisan facts (j = 1, ..., 5). The list of these tasks is available in Table 5.
All of the tasks were used in the baseline survey. Note that the tasks with education group signals
serve as a benchmark for gauging the magnitude of the partisan in- group bias in information
processing.

Figure 4: Survey Flow of the Experiment

Questions on socio-demographics and political attitudes

Pre-treatment judgement tasks (task 1-2)

Treatment

(Information that R and 

supporters are equally 

knowledgeable)

Control 

(No information)

Question on affective polarization

Post-treatment judgement tasks on non-partisan facts with 

partisan signals (task 3-5)

Post-treatment judgement tasks on conspiracy theories with 

partisan signals (task 6-7)

Post-treatment judgement tasks on non-partisan facts with 

education signals (task 8-9)

Another question on affective polarization and 

questions on socio-demographics

Arm 1:

In-party signal

Arm 2:

Out-party signal

*In each task, two arms exist

Arm 1:

College signal

Arm 2:

Non-college signal

3.3 Pre-Treatment Judgment Tasks

After socio-demographic questions, respondents were asked to conduct two true or false judg-
ment tasks on non-partisan facts (j = 1, 2). In each task, each respondent was asked to judge true
or false of the statement, rate their confidence in their answer, and guess the accuracy rates of R
supporters and L supporters. This is exactly the same as in the baseline survey. The objective of
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Table 5: List of True-or-False Questions in Experiment

South Korea United States

Pre-treatment
The term of the National Assembly
is 2 years. (F)

To revise the Constitution, approval
from more than three-fourths of the
state legislatures is required. (T)

New Zealand is a country located in
the Middle East. (F)

New Zealand is a country located in
the Middle East. (F)

Post-treatment
To revise the Constitution, a major-
ity of votes in a national referendum
is required. (T)

The country’s nominal GDP growth
rate in the last year was lower than
7%. (T)

The iPhone was invented before
2000. (F)

The iPhone was invented before
2000. (F)

The highest mountain in the coun-
try is Hallasan. (T)

The term of office in the Senate is 4
years. (F)

these two tasks is to measure each individual’s partisan disbelief before the treatment interven-
tion.

3.4 Treatment

After this stage, half of the respondents were randomly assigned to the treatment condition
and the other half to the control condition. In the control group, respondents were reminded—via
an interactive format—of their own estimated accuracy assessments of each party’s supporters
from the previous two judgment tasks. In the treated group, in addition to this reminder, respon-
dents were also informed that supporters of party R and party L were almost equally knowl-
edgeable in those two tasks, based on our baseline survey (specifically, the difference in accuracy
rates was less than 5%). Figure 5 presents examples of the information shown in the control and
treatment conditions when a respondent thinks that Republican Party supporters are more knowl-
edgeable than Democratic Party supporters.

To ensure that respondents in the treated group carefully read the passage, we included a
follow-up true-or-false question. Respondents could not proceed further without selecting the
correct answer.16 If they answered incorrectly, they were prompted to try again until the correct
response was chosen.

For respondents who estimated that their in-group’s accuracy rate exceeded the out-group’s by
more than 5%, the treatment information functioned as a corrective, addressing this misperceived
partisan disbelief. This design allows us to analyze the effect of correcting partisan disbelief.

16The correct answer in the control group differs depending on respondents.
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Figure 5: Treatment and Control (Example)

We asked you to evaluate the average accuracy rates of Republican Party supporters and
Democratic Party supporters in the two true-or-false judgment tasks. Across two tasks, you
estimated that on average,

• Republican Party supporters correctly judge true-or-false statements with [ ] % accu-
racy.

• Democratic Party supporters correctly judge true-or-false statements with [ ] % ac-
curacy.

That is, you think that Republican Party supporters are more knowledgeable than Demo-
cratic Party supporters.

Control group: Please judge whether the following is true or not based on the above. You
cannot move to the next question without choosing the correct answer.
You estimated that Republican Party supporters are more knowledgeable than Democratic
Party supporters in the two judgment tasks.

• True

• False

Treated group: But this is incorrect. In our earlier survey, we found that
Republican Party supporters and Democratic Party supporters demonstrated nearly the same
level of knowledge on the issue. To be specific, for each of the two true-or-false questions

we asked, the difference in the percentage of correct answers between the two groups was
consistently less than 5%.

Please judge whether the following is true or not based on the above. You cannot move to
the next question without choosing the correct answer.
Republican Party supporters and Democratic Party supporters are nearly equally knowl-
edgeable across the two judgment tasks (the difference in correct response rates between
the two groups was consistently less than 5%).

• True

• False
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3.5 Post-Treatment Judgment Tasks

Subsequently, respondents were asked to do three additional judgment tasks about whether a
non-partisan fact is true or false (j = 3, 4, 5). Each task proceeded as follows.

(i) Each respondent was asked to judge whether the statement (X) is true or false, rate their
confidence in their answer, and guess the accuracy rates of R supporters and L supporters.

(ii) Each respondent randomly received one of the following two signals: the signal telling them
the majority of R supporters’ opinion and the signal telling them the majority of L support-
ers’ opinion. The signal is independently drawn across respondents and across tasks (see
Figure 6 as an example). We presented the correct answers, which were endorsed by both
the majority of R and the majority of L supporters in our baseline survey.

(iii) Respondents were again asked to judge whether the statement is true and rate their confi-
dence in their answer.

The signal is used to estimate the degree of in-group bias in information processing.
For R (resp. L) supporters, the signal about R (resp. L) supporters’ opinions is the in-party sig-

nal, whereas the signal about L (resp. R) supporters’ opinions is the out-party signal. Thus, each
task has two arms—the in-party and out-party signals—with respondents randomly assigned to
one. By analyzing how the degree of judgment revisions before and after a signal differs depend-
ing on whether the signal is in-group or out-group, we estimated the degree of in-group bias in
information processing.

In addition to them, we have another four tasks (j = 6, 7 are tasks on conspiracy theories,
and j = 8, 9 are tasks on non-partisan facts with education group signals). These are used in the
supplementary analysis (see the Appendix for the details).

3.6 Measuring Affective Polarization

In addition, we measured affective polarization using two approaches, as in the baseline sur-
vey. The first question asked respondents: “On a scale from 0 to 100, where 0 means very cold
or unfavorable feelings and 100 means very warm or favorable feelings, how warmly do you feel
toward supporters of each political party?” The second question asked respondents: “How would
you feel about being in the following types of relationships with supporters of each political party:
(i) colleagues at work, (ii) close friends, and (iii) your own or your child’s spouse?” To examine
whether the treatment effect on affective polarization quickly diminishes, we administered the
first question immediately after the treatment and the second question after the completion of all
judgment tasks (see Figure 4).
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Figure 6: Signal (Example)

Your judgment in the previous page is that ”The country’s nominal GDP growth rate last
year was lower than 7%” is TRUE.
According to our previous survey, a majority of Republican Party supporters also say that
”The country’s nominal GDP growth rate last year was lower than 7%” is TRUE.

Please choose the appropriate sentence based on the above. You cannot move to the next
question without choosing the correct answer.

• My initial judgment was different from the judgment by a majority of Republican
Party supporters.

• My initial judgment was the same as the judgment by a majority of Republican Party
supporters.
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Table 6: Correlation between Attrition and Treatment: Experiment

(1) (2)
SK US

Treatment -0.002 0.004
(0.009) (0.008)

Observations 4734 4778
Mean of outcome 0.099 0.084

Note: This table shows the correlation between treatment assignment and survey attrition among respondents who
passed the attention check at the beginning of the survey. Each coefficient is estimated from a regression of an attrition
dummy on the treatment indicator. Standard errors are reported in parentheses.

3.7 Sample Selection

In total, 4,734 respondents in South Korea and 4,778 respondents in the United States passed
the attention check at the beginning of the survey. Among them, 4,262 respondents in South Korea
and 4,375 in the United States completed the entire survey. The corresponding attrition rates are
0.099 and 0.084, respectively.

Table 6 reports the relationship between attrition and treatment, estimated by regressing an
attrition dummy on the treatment indicator among respondents who passed the attention check.
The results indicate that the treatment did not increase attrition in either country.

Then, we restrict samples with the following criteria about the prior level of disbelief. To
formally define the criteria, for each individual i in group g ∈ {R, L} and task j, we define the
(target-based) disbelief on fact j as

disbeliefi,g(i),j := pg
i,g(i),j − pg′

i,g(i),j,

where pg
i,g(i),j is the estimated accuracy rate towards in-group g, and pg′

i,g(i),j is the estimated accu-
racy rate towards out-group g′. A larger value means that a respondent estimates the accuracy
rate higher for the in-group than for the out-group, implying larger disbelief against out-groups.

Then, the pre-treatment disbelief is given by

disbeliefpre
i,g(i) :=

1
2

2

∑
j=1

disbeliefi,g(i),j.

In the following analysis, we restrict our attention to those with disbeliefpre
i,g(i) > 0.05. The treat-

ment provides information that the difference in the accuracy rate is less than 5%. Thus, the
treatment is expected to reduce disbeliefs only among those with high enough disbeliefpre

i,g(i). This
sample selection resulted in 2,305 respondents in South Korea and 2,792 in the United States.
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4 Correcting Partisan Disbelief: Hypotheses

First, we hypothesize that the treatment decreases disbelief in the out-group’s performance in
the post-treatment judgment tasks.

Hypothesis 1. (Treatment effect on disbelief). The post-treatment disbelief regarding non-partisan
facts in tasks j = 3, 4, 5 is smaller in the treated group than in the control group.

Importantly, the treatment conveyed only that the accuracy rates in the pre-treatment judg-
ment tasks were nearly identical across partisan groups. It remains logically possible that, al-
though the accuracy rates were identical in the pre-treatment tasks, in-group members could out-
perform out-group members in the post-treatment tasks. Thus, whether the treatment reduces
disbelief in the post-treatment tasks is not evident ex ante. This hypothesis should therefore not
be interpreted as a mere manipulation check of the treatment. Rather, it tests whether correcting
disbelief in knowledge about specific issues can generate a spillover effect on disbelief in knowl-
edge about other issues. Because it is impossible to address all possible issues through correction,
examining this hypothesis is important.

The next hypothesis concerns in-group bias in information processing. Suppose an individual
encounters information provided by a supporter of the opposing party. If partisan disbelief is
present, the individual deems this information unreliable solely because it comes from someone
perceived to have low knowledge due to their party affiliation. Therefore, in-group bias in infor-
mation processing may exist even for non-partisan issues. Therefore, its existence is expected in
the control group. Furthermore, the treatment is expected to reduce this bias because it would
mitigate partisan disbelief from Hypothesis 1. These considerations lead to the following two
hypotheses:

Hypothesis 2. (In-group bias in information processing). Partisans have an in-group bias in
information processing for non-partisan facts in the control group.

Hypothesis 3. (Treatment effect on in-group bias in information processing). Partisans have a
smaller in-group bias in information processing for non-partisan facts in the treated group than in
the control group.

Lastly, when individuals perceive out-group members as having low levels of knowledge,
they would develop greater distrust toward them. Therefore, partisan disbelief may exacerbate
affective polarization.17 Therefore, we expect that the treatment reduces affective polarization:

Hypothesis 4. (Treatment effect on affective polarization). The treatment decreases the affective
polarization.

In the following, we test these three hypotheses based on our experiment.

17While he does not consider partisan disbelief, Stone (2020) theoretically demonstrate that a combination of three
types of misperceptions (a prior bias against the other agent’s character, the false consensus bias, and limited strategic
thinking) creates affective polarization. Furthermore, Bowen et al. (2023) theoretically demonstrate that misperceptions
about friends’ sharing on social media induce opinion polarization.
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5 Correcting Partisan Disbelief: Analysis

This section presents the empirical specifications used to evaluate the hypotheses and the cor-
responding results.

5.1 Summary Statistics and Balance Check: Experiment

Table 7 presents the summary statistics of respondents with disbeliefpre
i,g(i) > 0.05. Although the

female ratio is slightly different between the treated and control groups in the U.S., there are no
statistically significant differences between the groups in other variables. Overall, the randomiza-
tion worked well.

Table 7: Summary Statistics: Experiment

SK SK SK US US US
Treated Control Difference Treated Control Difference

Right-wing Party Supporters Ratio 0.256 0.250 0.006 0.543 0.519 0.024
(0.018) (0.019)

Female Ratio 0.481 0.482 -0.001 0.488 0.532 -0.044
(0.021) (0.019)

College-educated Ratio 0.804 0.795 0.010 0.541 0.528 0.013
(0.017) (0.019)

Age (50+) Ratio 0.709 0.711 -0.002 0.669 0.695 -0.026
(0.019) (0.018)

Pre-treatment Accuracy Rate 0.955 0.958 -0.003 0.848 0.834 0.014
(0.006) (0.009)

Pre-treatment Out-group Disbelief 0.350 0.343 0.008 0.341 0.336 0.005
(0.011) (0.010)

Observations 1166 1139 1385 1407
Note: This table reports summary statistics for the experimental sample in South Korea (SK) and the United States
(U.S.). Columns show means for treated and control groups, along with their differences and standard errors in paren-
theses.

5.2 Effect on Partisan Disbelief

We start with testing Hypothesis 1: the treatment effect on partisan disbelief.

Measurement To test the hypothesis, we need to define the measurement of disbelief about non-
partisan facts after receiving the treatment. As in the case of the ex-ante disbelief, this ex-post
disbelief is measured by

disbeliefpost, f
i,g(i) :=

1
3

5

∑
j=3

disbeliefi,g(i),j. (5)

We use this measurement to test the hypothesis.
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Specification for Hypothesis 1 To test Hypothesis 1, we run the following regression:

disbeliefpost, f
i,g(i) = αTi + const. + ε i, (6)

where Ti = 1 if individual i is treated. Given this, we expect α̂ < 0 as the empirical specification
of Hypothesis 1.

Results Table 8 presents the results. The treatment reduced disbelief by 5 percentage points in
South Korea and 7.6 percentage points in the United States, both statistically significant effects.
Nevertheless, partisan disbelief did not disappear entirely. The mean level of partisan disbelief is
0.232 (23.2%) in South Korea and 0.195 (19.5%) in the United States. Thus, the treatment reduced
only part of the overall disbelief. Overall, Hypothesis 1 was supported.

Table 8: Treatment Effects on Partisan Disbelief

(1) (2)
SK US

Treatment -0.050 -0.076
(0.010) (0.009)

Observations 2305 2792
Mean of outcome 0.232 0.195

Note: This table reports the estimated treatment effects on post-treatment partisan disbelief in South Korea (SK) and the
United States (U.S.). The dependent variable is the average difference in perceived accuracy between in-group and out-
group supporters across five non-partisan factual statements. Each coefficient represents the effect of being assigned
to the treatment group (Ti = 1) relative to the control group. Standard errors, shown in parentheses, are robust to
heteroskedasticity.

5.3 In-Group Bias in Information Processing

Next, we test Hypotheses 2 and 3: the presence of in-group bias in the control group and
the treatment effect on this bias. The key idea for measuring in-group bias is as follows. For all
non-partisan statements, the majority’s judgment was identical; hence, the informational content
of the signals was constant, with only the source identity varying. Accordingly, if respondents
revised their answers toward the correct response more frequently when the signal came from the
in-group than when it came from the out-group, we interpret this as evidence of in-group bias in
information processing.

Measurement To formalize this idea, let respondent i’s judgment in task j before signals be Ji,j,0 ∈
{0, 1}, where Ji,j,0 = 1 if and only if i’s judgment on fact j before the signal is correct. Furthermore,
let the estimated accuracy of their own judgment before the signal be ai,j,0 ∈ [0, 100]. Then, we
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define

µi,j,0 =


ai,j,0
100 if Ji,j,0 = 1

1 − ai,j,0
100 if Ji,j,0 = 0

(7)

Here, Ji,j,0 is respondent i’s binary opinion on task j. On the other hand, µi,j,0 is the continuous
opinion.

Similarly, let respondent i’s judgment on fact j after the signal be Ji,j,1 and the estimated accu-
racy of their own judgment after the signal be ai,j,1 ∈ [0, 100]. Then, we define

µi,j,1 =


ai,j,1
100 if Ji,j,1 = 1

1 − ai,j,1
100 if Ji,j,1 = 0

(8)

(Jij0, Jij1) and (µij0, µij1) serve as measurements of each respondent’s binary and continuous
opinions before and after signals.

Given these variables, we construct the following two variables for changes in the respondent’s
opinion. First, let the “dummy update”, yJ

i,j ∈ {0, 1}, where yJ
i,j = 1 if and only if Ji,j,0 = 0 and

Ji,j,1 = 1. This measures if respondents update their beliefs from incorrect to correct answers
using only the T/F dichotomy response. Second, let the “continuous update”, yµ

i,j ∈ {0, 1}, where
yµ

i,j = 1 if and only if µi,j,1 > µi,j,0. This measures if respondents update their beliefs from incorrect
to correct answers using both the T/F dichotomy response and the continuous responses to the
question that asks about the level of confidence in their own T/F responses.

Specification for Hypothesis 2 Let sij be the signal respondent i receives in task j. sij = I if the
signal is about in-party members’ opinions and sij = O if the signal is about out-party members’
opinions.

Let yi,j = {yJ
i,j, yµ

i,j} be the change in respondent i’s opinion on task j before and after the
signals. We estimate the following separately for the treated group (Ti = 1) and the control group
(Ti = 0).

yi,j =β1{si,j = I}+ ηj + ε i,j (9)

We denote the estimands of β for the treated group βT and the control group βC.
We use both measures (yJ

i,j, yµ
i,j) as yi,j. In the post-teratment judgement tasks on non-partisan

facts, the majority in both political parties correctly give the correct answer, based on our previous
survey. Thus, the content of the signal is the same across the two signals. Thus, partisans have
an in-group bias in information processing if β > 0. In other words, β represents the degree of
in-group bias in information processing. Therefore, we expect that β̂ > 0 in (9) holds in the control
group as Hypothesis 2.
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We include task fixed effects, ηj, to isolate any unobserved heterogeneity in the propensity of
updating beliefs against each task.

Results for Hypothesis 2 Table 9 reports the results on in-group bias in the control group. In
South Korea, in-group signals prompted respondents to revise their opinions toward the correct
choice more frequently than out-group signals. Specifically, in-group signals increased the proba-
bility of a “dummy update” by 5.8 percentage points and a “continuous update” by 7.8 percentage
points, both statistically significant effects. That is, in-group bias in information processing exists
even for non-partisan issues.

It is worth noting that, on average, only 10% of respondents engaged in dummy updates. In
our judgment tasks, a majority of respondents initially selected the correct answer; for them, the
signals merely confirmed their prior judgment, and thus no dummy update could occur. Hence,
the relatively low rate of dummy updates is unsurprising.18 Moreover, the effect size was larger
for continuous updates than for binary updates, which is consistent with the same logic: binary
updates are inherently less likely to occur than continuous updates.

Table 9: In-Group Bias in Information Processing (Control Group)

(1) (2) (3) (4)
SK SK US US

Dummy Continuous Dummy Continuous
In-Group Signal 0.058 0.078 0.007 0.041

(0.010) (0.008) (0.009) (0.012)
Observations 3417 3417 4221 4221
Mean of outcome 0.102 0.424 0.170 0.481

Note: his table reports the estimated in-group bias in information processing for the control group in South Korea (SK)
and the United States (U.S.). The dependent variable is the change in respondents’ judgments before and after receiving
a signal, measured as either a binary (“dummy”) update or a continuous update. The regressor is an indicator of
whether the signal originates from in-group members. The specifications control for task fixed effects. Standard errors,
shown in parentheses, are robust to heteroskedasticity.

The presence of in-group bias in the United States is more nuanced. In-group signals increased
the probability of a continuous update by 4.1 percentage points. Although this effect is smaller
than that observed in South Korea, it is statistically significant. By contrast, in-group signals in-
creased the probability of a dummy update by only 0.7 percentage points, which was not statis-
tically significant. Thus, evidence of in-group bias is found only for continuous updates. These
results suggest that in-group bias in information processing is stronger in South Korea than in the
United States. This is consistent with the fact that the average of partisan disbelief is larger in
South Korea than in the U.S. (Table 8).

Overall, Hypothesis 2 is fully supported in South Korea and partly supported in the U.S..

18To address this issue, we could consider another specification that focuses on cases where the prior judgment is
wrong. Tables A6 and A7 in the Online Appendix report the results for this alternative specification. The results remain
the same.
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Specification for Hypothesis 3 Having the result in hand, we next test Hypothesis 3: the treat-
ment effect on in-group bias. For this, we interact the in-group signal dummy with the treatment
as follows.

yi,j =β11{si,j = I}+ β2Ti + β3
(
1{si,j = I} × Ti

)
+ ηj + ε i,j (10)

Hypothesis 3 predicts β̂3 < 0.

Results for Hypothesis 3 Table 10 shows the results. In South Korea, estimates of β̂3 were nega-
tive and statistically significant for both binary and continuous measures, indicating that the treat-
ment reduced in-group bias. The effect size was substantial: in both cases, the treatment reduced
more than half of the in-group bias. For example, in the control group, in-group signals increased
the probability of a continuous update by 7.8 percentage points, whereas in the treated group,
the increase was only 1.8 percentage points. This indicates that partisan disbelief has a causal ef-
fect on in-group bias in information processing, and that correcting disbelief through information
provision is highly effective in reducing it.

Table 10: Treatment Effects on In-Group Bias in Information Processing

(1) (2) (3) (4)
SK SK US US

Dummy Continuous Dummy Continuous
In-Group Signal 0.058 0.078 0.007 0.041

(0.010) (0.009) (0.010) (0.012)
Treatment 0.016 0.023 -0.018 0.023

(0.009) (0.019) (0.008) (0.019)
In-Group Signal x Treatment -0.031 -0.060 0.018 -0.036

(0.002) (0.028) (0.007) (0.015)
Observations 6915 6915 8376 8376
Mean of outcome 0.103 0.421 0.165 0.484

Note: This table reports the treatment effects on in-group bias in information processing for South Korea (SK) and
the United States (U.S.). The dependent variable measures the change in respondents’ judgments before and after
receiving a signal, defined either as a binary (“dummy”) update or a continuous update. The key variable In-Group
Signal × Treatment captures the differential effect of in-group versus out-group signals for treated respondents relative
to the control group. Task fixed effects are included, and robust standard errors are shown in parentheses.

In the U.S., the results are more nuanced because in-group bias was not observed for binary
updates even in the control group. First, in the case of continuous updates, the result is consistent
with what we expected. The estimate of β̂3 was negative and statistically significant. In the control
group, in-group signals increased the probability of a continuous update by 4.1 percentage points,
whereas in the treated group, the increase was only 0.5 percentage points. Therefore, the treatment
was highly effective. However, for discrete updates, we did not obtain such a result because in-
group bias was not observed even in the control group. Although the effect size was much smaller,
the estimate of β̂3 was not negative but positive. This may suggest a backfire effect of the treatment
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when the initial level of in-group bias is negligible.19

Overall, Hypothesis 3 is fully supported in South Korea and partly supported in the U.S..

5.4 Affective Polarization

Finally, we test Hypothesis 4: the treatment effect on affective polarization.

Measurement For this purpose, we need to measure respondents’ unfavorable feelings toward
out-party members and in-party members. The difference between them is:

poli,g(i) := favg
i,g(i) − favg′

i,g(i),

where polg
i,g(i) is the degree of favorable feelings toward in-party members and favg′

i,g(i) is the de-
gree of favorable feelings toward out-party members. This is our measurement of affective polar-
ization.

Favorable feelings were measured in two ways. First, just after the treatment information,
we asked respondents to rate positive feelings toward out-party members and in-party members
from 0 to 100. We normalize this measure to range from 0 to 1 and denote poli,g(i) using this
measurement by unfavi,g(i). Second, after the completion of all judgment tasks, we asked respon-
dents to answer whether it is (un)comfortable to have a relationship as colleagues/friends/chil-
dren’s spouses. By aggregating them, we construct the second measurement. We denote this by
uncomfi,g(i).

Specification for Hypothesis 4 To test the hypothesis, we estimate the following:

poli,g(i) = const. + γTi + ε i. (11)

Then, Hypothesis 4 predicts γ̂ < 0.

Results Table 11 shows the results. First, columns (1) and (3) present the short-run effects on
affective polarization, as this measure was collected immediately after the treatment. The treat-
ment reduced affective polarization by 2.5 percentage points in South Korea and by 8.1 percentage
points in the United States, both statistically significant effects.

However, this does not imply that the treatment effect is long-lasting. The second measure was
collected after the completion of all judgment tasks.20 Columns (2) and (4) present the effects on
this second measure, showing that the treatment effects were not statistically significant, although
the point estimates remained negative.

19Several papers show a possibility that belief correction or priming has a backfire effect (e.g., Nyhan and Reifler,
2010; Colonnelli et al., 2024).

20To be precise, the content of the questions as well as their timing differs across the two measures. However, given
that the two measures are highly correlated, the difference in timing is likely to matter more than the difference in
content.
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These results suggest two main conclusions: (i) partisan disbelief contributes to an increase
in affective polarization, and (ii) interventions aimed at correcting partisan disbelief have only
short-lived effects on affective polarization.

Table 11: Treatment Effects on Affective Polarization

(1) (2) (3) (4)
SK SK US US

Unfav Uncomf Unfav Uncomf
Treatment -0.025 -0.002 -0.081 -0.023

(0.012) (0.012) (0.013) (0.016)
Observations 2305 2305 2792 2792
Mean of outcome 0.528 0.433 0.493 0.271

Note: This table reports the estimated treatment effects on affective polarization in South Korea (SK) and the United
States (U.S.). The dependent variable is the difference in favorable feelings toward in-party versus out-party members,
measured either by self-reported warmth ratings (Unfav) or by (un)comfortableness in social relationships with out-
party members (Uncomf ). Each coefficient represents the effect of being assigned to the treatment group (Ti = 1)
relative to the control group. Robust standard errors are reported in parentheses.

5.5 Additional Analysis

The Online Appendix provides supplementary analyses of the experiment.
First, although previous research shows that experimenter demand effects are limited in on-

line survey experiments (Mummolo and Peterson, 2019), it remains important to verify that our
findings are not driven by such effects. To this end, we reanalyzed the data after excluding re-
spondents who appeared to pander to the hypothesis implied by the experimenter. The results
remain unchanged, implying that experimenter demand effects are not a serious concern in our
setting.

Second, the experiment also included two additional judgment tasks involving conspiracy
theories. Contrary to our expectation, we did not find evidence of in-group bias in information
processing for these tasks. One possible explanation is that, for highly partisan issues such as
conspiracy beliefs, a signal indicating that a majority of a party’s supporters endorse or reject a
conspiracy theory may not be interpreted literally by respondents.

Third, the experiment included two additional judgment tasks on non-partisan issues in which
each respondent randomly received one of two signals: one indicating the majority opinion among
college graduates, and the other indicating the majority opinion among non–college graduates.
Respondents might update their opinions differently depending on whether the signal originated
from college graduates. This serves as a benchmark for gauging the magnitude of the partisan in-
group bias in information processing observed in the main analysis. We found that the partisan in-
group bias is substantially larger than this education-based bias, suggesting that partisan in-group
bias cannot simply be attributed to misperceptions about the educational composition of each
political group. If partisan disbelief merely reflected such misperceptions, the effect of partisan
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signals should not exceed that of education-based signals.

6 Conclusion

This paper introduced and empirically validated a new concept—partisan disbelief in knowl-
edge: the belief that one’s in-group is more knowledgeable than the opposing party, even about
basic, non-partisan facts. Across large baseline surveys in South Korea and the United States, we
show that this disbelief is widespread: partisans perceive higher accuracy among co-partisans
than among the out-party by roughly 15 percentage points or more when judging true–false state-
ments about non-partisan facts.

Two survey experiments clarify why this matters. Partisan disbelief distorts information pro-
cessing even outside explicitly political domains. Crucially, simple corrective evidence that both
sides are similarly knowledgeable reduces partisan disbelief and dampens the resulting in-group
bias. These corrections also lower affective polarization, albeit transiently.

Taken together, the findings shift the focus of polarization from differences in attitudes alone
to differences in perceived competence. We identify a cognitive mechanism—rooted in social
identity—that obstructs information exchange and mutual understanding. The results also point
to actionable remedies: interventions that normalize perceptions of cross-party competence can
improve how people interpret factual information and, in the short run, soften affective divides.
Future work should test how to sustain these gains over time and at scale, and examine whether
complementary interventions (e.g., repeated exposure, messenger choice, or institutional cues) can
entrench more accurate beliefs about out-party competence while preserving open disagreement
on values.
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A Baseline Survey: Partisan Disbelief for Conspiracy Theory Ques-
tions

In the baseline survey, we asked respondents about conspiracy theories as well as non-partisan
facts (see Table A1 for the list of true-or-false questions about conspiracy theories). This section
reports partisan disbelief for conspiracy theory questions.

Table A1: List of True-or-False Questions on Conspiracy Theories

South Korea United States

Right-wing There was widespread election fraud
in the parliamentary elections of 2020
and 2024.

The Democratic Party stole the 2020
presidential election.

China is systematically infiltrat-
ing major institutions in South Ko-
rea to undermine democracy and
sovereignty.

Climate change is a hoax created to
push socialist policies and destroy
American industry.

Left-wing The Supreme Court colluded with
Yoon Suk-yeol and decided to dis-
qualify Lee Jae-myung from the pres-
idential election.

The Republican administration initi-
ated the Iraq War for oil.

The U.S. government controls major
political decisions in Korea, such as
suppressing opposition parties under
conservative governments.

The Republicans stole the 2024 presi-
dential election.

Figure A7 presents the results. Contrary to the case of non-partisan facts, even the actual
accuracy rates differ substantially across political groups.21 That said, we observe a pattern similar
to partisan disbelief for non-partisan facts. However, the degree of partisan bias in conspiracy
theories is considerably larger than that in partisan disbelief for non-partisan facts. For example,
the median supporter of party R believes that they are more knowledgeable about right-wing
conspiracy theories than party L supporters by approximately 40 percentage points.

21We define “False” as the correct answer for all conspiracy theories, although there may be debate over whether a
given conspiracy theory is indeed false.
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Figure A7: Partisan Disbelief by Conspiracy Theory Questions

(a) South Korea: Right-wing Conspiracy
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(b) United States: Right-wing Conspiracy
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(c) South Korea: Left-wing Conspiracy
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(d) United States: Left-wing Conspiracy
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Note: These figures display the distributions of perceived accuracy for conspiracy theory questions by perceiver and
target groups in South Korea and the United States. Panels (a) and (b) correspond to right-wing conspiracy items,
while panels (c) and (d) correspond to left-wing conspiracy items. The boxes show the interquartile range (25th–75th
percentiles), with medians indicated by black lines. Dashed lines represent the actual accuracy rates for each question
set. Colors denote perceiver groups: blue for right-party supporters (RP), orange for left-party supporters (LP), and
gray for non-partisans (NP).
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B Baseline Survey: Partisan Disbelief for Each Issue

In the main text, we showed partisan disbelief for all questions combined. In this section, we
study the partisan disbelief for each judgment task. Figure A8 reports target-based partisan belief
for each non-partisan fact, and Figure A9 reports that for each conspiracy theory in South Korea.
Figure A10 reports target-based partisan belief for each non-partisan fact, and Figure A11 reports
that for each conspiracy theory in the U.S.. The results are consistent with the findings based on
the average across tasks.

Figure A8: Partisan Disbelief for Each Question: South Korea
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Fact 1 :  The term of office of the National Assembly is 2 years.
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Fact 2 :  To revise the constitution, more than half of pro−votes are required in a referendum.
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Fact 3 :  The country's nominal GDP growth rate in the previous year was lower than 5%.
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Fact 4 :  For every hundred working−age people, there are forty old−age people who is 65 or older.
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Fact 5 :  New Zealand is a country located in the Middle East.
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Fact 6 :  iPhone was invented before 2000.

Note: These figures display the distributions of perceived accuracy for each question by perceiver and target groups in
South Korea. Each panel corresponds to one statement. The boxes show the interquartile range (25th–75th percentiles)
with medians indicated by black lines. Dashed lines represent the actual accuracy rates for each fact. Colors denote
perceiver groups: blue for right-party supporters (RP), orange for left-party supporters (LP), and gray for non-partisans
(NP).
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Figure A9: Partisan Disbelief for Each Question: South Korea; Continued
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Fact 7 :  It is stipulated by law that one must be at least 19 years old to drink alcohol.
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Fact 8 :  The highest mountain in the country is Hallasan Mountain.
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Fact 9 :  There were widespread election fraud in the 2020 and 2024 elections.
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Fact 10 :  China is infiltrating South Korean institutions, aiming to undermine the nation's democracy and sovereignty.
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Fact 11 :  The Supreme Court disqualified Lee from the presidential election 
 in collaboration with Yoon Suk Yeol.
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Fact 12 :  U.S. government controls major political decisions in South Korea, 
 including opposition crackdowns.

Note: These figures display the distributions of perceived accuracy for each question by perceiver and target groups in
South Korea. Each panel corresponds to one statement. The boxes show the interquartile range (25th–75th percentiles)
with medians indicated by black lines. Dashed lines represent the actual accuracy rates for each fact. Colors denote
perceiver groups: blue for right-party supporters (RP), orange for left-party supporters (LP), and gray for non-partisans
(NP).
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Figure A10: Partisan Disbelief for Each Question: United States, Factual
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Fact 1 :  The term of office of the Senate is 4 years.
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Fact 2 :  To revise the Constitution, approval from more than three−fourths of the state legislatures is required.
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Fact 3 :  The country's nominal GDP growth rate in the previous year was lower than 7%.
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Fact 4 :  For every hundred working−age people, there are forty old−age people who are 65 or older.
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Fact 5 :  New Zealand is a country located in the Middle East.
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Fact 6 :  iPhone was invented before 2000.
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Fact 7 :  The largest state in the United States is Alaska.
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Fact 8 :  The highest mountain in the United States is Denali (formerly known as Mt. McKinley).

Note: These figures display the distributions of perceived accuracy for each question by perceiver and target groups in
the U.S.. Each panel corresponds to one statement. The boxes show the interquartile range (25th–75th percentiles) with
medians indicated by black lines. Dashed lines represent the actual accuracy rates for each fact. Colors denote perceiver
groups: blue for right-party supporters (RP), orange for left-party supporters (LP), and gray for non-partisans (NP).
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Figure A11: Partisan Disbelief for Each Question: United States, Conspiracy

Target Group: RP Target Group: LP Target Group: Non Partisan

RP LP NP RP LP NP RP LP NP
0

25

50

75

100

Perceivers

S
ha

re
 o

f C
or

re
ct

 A
ns

w
er

s 
(%

)

Actual Accuracy Perceivers RP LP NP

Fact 9 :  The Democratic Party stole the 2020 presidential election.
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Fact 10 :  Climate change is a hoax created to push socialist policies and destroy American industry.
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Fact 11 :  The Republican administration initiated the Iraq war for oil interests.
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Fact 12 :  The Republicans stole the 2024 presidential election.

Note: These figures display the distributions of perceived accuracy for each question by perceiver and target groups in
the U.S.. Each panel corresponds to one statement. The boxes show the interquartile range (25th–75th percentiles) with
medians indicated by black lines. Dashed lines represent the actual accuracy rates for each fact. Colors denote perceiver
groups: blue for right-party supporters (RP), orange for left-party supporters (LP), and gray for non-partisans (NP).

A7



C Experiment: Information Processing for Conspiracy Theory Ques-
tions

After judgment tasks on non-partisan facts, respondents were asked to do another two tasks
(j = 6, 7). The tasks are almost the same as in the above, but tasks j = 6, 7 were about whether
a conspiracy theory is true or false. We presented the position most supported by the majority of
R/L supporters. The list of statements used in these tasks can be seen in Table A2.

Table A2: Full List of True-or-False Questions in Experiment

South Korea United States

Pre-treatment non-partisan facts
The term of the National Assem-
bly is 2 years. (F)

To revise the Constitution, ap-
proval from more than three-
fourths of the state legislatures
is required. (T)

New Zealand is a country located
in the Middle East. (F)

New Zealand is a country located
in the Middle East. (F)

Post-treatment

non-partisan facts
To revise the Constitution, a ma-
jority of votes in a national refer-
endum is required. (T)

The country’s nominal GDP
growth rate in the last year was
lower than 7%. (T)

The iPhone was invented before
2000. (F)

The iPhone was invented before
2000. (F)

The highest mountain in the coun-
try is Hallasan. (T)

The term of office in the Senate is 4
years. (F)

conspiracy theories
The Supreme Court colluded with
Yoon Suk-yeol and decided to
disqualify Lee Jae-myung from the
presidential election.

The Republican administration
initiated the Iraq War for oil.

There was widespread election
fraud in the parliamentary elec-
tions of 2020 and 2022.

The Democratic Party stole the
2020 presidential election.

non-partisan facts
for education signals

The country’s nominal GDP
growth rate in the last year was
lower than 5%. (T)

Alaska is the largest state in the
United States. (T)

By law, you must be at least 19
years old to drink alcohol. (T)

The highest mountain in the
United States is Mt. McKinley
(also known as Denali). (T)

Measurement We need to modify our outcome variable yi,j = {0, 1}. The partisan signals given
for conspiracy theory questions presented as tasks j = 6, 7 differ between R and L supporters.
This is because, for example, the majority of L (resp. R) supporters believe in left-wing (resp.
right-wing) conspiracy theory, j = 6 (resp. j = 7).

Thus, we modify our outcome variable yi,j = {0, 1} as follows. Let us denote the type of
conspiracy theory tasks g(j) = L for j = 6 and g(j) = R for j = 7. We define the information
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updating in conspiracy theory tasks yC
i,j as follows.

yC
i,j =

yi,j if g(i) = g(j)

1 − yi,j if g(i) ̸= g(j)
(12)

Thus, yC
ij > 0 means that respondent i updates the opinion toward that held by a majority of the

opposing-party members.

Specification We run the following regression for the treated and control groups separately:

yC
i,j =βI

1{si,j = I}+ βO
1{si,j = O}+ ηj + ε i,j. (13)

Given this specification, we hypothesize as follows:

• Signals affect information processing. That is, β̂I < 0 and β̂O > 0 for both the control and
the treated groups. The higher value means

• Partisans have an in-group bias in information processing for conspiracy theory in the con-
trol group. That is, β̂I + β̂O < 0 for the control group.

• Partisans have a smaller in-group bias in information processing for conspiracy theory in the
treated group than in the control group. That is, |β̂I + β̂O| for the treated group is smaller
than |β̂I + β̂O| for the control group.

Results Table A3 presents the results. The starting point is the hypothesis that β̂I < 0 and
β̂O > 0. That is, in-group (resp. out-group) signals are expected to move beliefs away from (resp.
toward) the opinion held by a majority of out-party members. Although this may appear straight-
forward at first glance, the results show that this pattern does not necessarily hold. For example,
in the case of the binary opinion, β̂O < 0 in South Korea, and β̂I > 0 in the U.S.. Accordingly, the
two subsequent hypotheses are also not supported.

Conspiracy theories are highly partisan issues; thus, respondents may infer the opposite mean-
ing from the signals. For example, when a majority of the opposing party rejects a conspiracy the-
ory, respondents may interpret this as evidence that the conspiracy is true. This could be a reason
why the expected results were not obtained.

Alternative measure As an alternative measure, we redefine yij = Jij1 − Jij0 ∈ {−1, 0, 1} and
redefine

yC
i,j =

yi,j if g(i) = g(j)

−yi,j if g(i) ̸= g(j).
(14)
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Table A3: Information Processing for Conspiracy Theory

(1) (2) (3) (4) (5) (6) (7) (8)
SK SK SK SK US US US US

Dum Dum Cont Cont Dum Dum Cont Cont
C T C T C T C T

In-Group Signal -0.085 -0.154 0.125 0.195 0.345 0.205 1.180 0.966
(0.046) (0.055) (0.121) (0.120) (0.066) (0.066) (0.114) (0.115)

Out-Group Signal -0.085 -0.173 0.129 0.163 0.371 0.230 1.208 0.983
(0.046) (0.055) (0.121) (0.120) (0.066) (0.065) (0.114) (0.114)

Observations 2278 2332 2278 2332 2814 2770 2814 2770
Note: This table reports the results of regressions examining information processing in conspiracy theory tasks for
South Korea (SK) and the United States (U.S.). The dependent variable is an indicator for whether a respondent’s post-
signal belief aligns with the position held by a majority of out-party members. The key regressors are indicators for in-
group and out-group signals, estimated separately for the control (C) and treated (T) groups. Columns labeled “Dum”
refer to binary belief updates. Task fixed effects are included, and robust standard errors are shown in parentheses.

This measure enables us to account for not only updates toward the correct decision (Jij0 = 0 and
Jij1 = 1) but also updates toward the wrong decision (Jij0 = 1 and Jij1 = 0).

Table A4 reports the results when this alternative measure is adopted. The results diverge from
our initial hypotheses even under this alternative measure.

Table A4: Information Processing for Conspiracy Theory: Alternative Measure

(1) (2) (3) (4) (5) (6) (7) (8)
SK SK SK SK US US US US

Dum Dum Cont Cont Dum Dum Cont Cont
C T C T C T C T

In-Group Signal -0.365 -0.461 -0.751 -0.611 0.041 -0.113 1.359 0.932
(0.081) (0.084) (0.242) (0.240) (0.101) (0.104) (0.228) (0.229)

Out-Group Signal -0.359 -0.485 -0.741 -0.674 0.070 -0.093 1.416 0.966
(0.081) (0.084) (0.242) (0.241) (0.101) (0.104) (0.227) (0.228)

Observations 2278 2332 2278 2332 2814 2770 2814 2770
Table A5: Note: This table reports the results of regressions analyzing information processing in conspiracy theory
tasks using an alternative measure of belief updating. The dependent variable takes values in −1, 0, 1 to capture both
correct and incorrect updates, where positive values indicate updates toward the correct position and negative values
indicate updates toward the wrong position. The key regressors are indicators for in-group and out-group signals,
estimated separately for the control (C) and treated (T) groups. Columns labeled “Dum” correspond to binary belief
updates. Task fixed effects are included, and robust standard errors are shown in parentheses.
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D Experiment: Education Signals

At the end of the survey, respondents were asked to do another two tasks (j = 8, 9). The
tasks are almost the same as in the tasks for partisan signals about non-partisan facts, but at this
time, each respondent randomly received one of the following two signals: the signal telling them
the majority of college graduates’ opinion or the signal telling them the majority of non-college
graduates’ opinion. The list of statements used in these tasks can be seen in Table A2.

Figure A12: Education Signal

Your judgement is the previous page is that ”Alaska is the largest state in the United States”
is TRUE.
According to our previous survey, a majority of college graudates also say that ”Alaska is
the largest state in the United States” is TRUE.

Please choose the appropriate sentence based on the above. You cannot move to the next
question without choosing the correct answer.

• My initial judgment was different from the judgment by a majority of college gradu-
ates.

• My initial judgment was the same as the judgment by a majority of college graduates.

To benchmark the size of in-group bias in information processing with partisan signals in the
main analysis, we compare it to the bias in information processing when respondents are given
signals across different education groups. Specifically, we compare how much respondents update
their beliefs based on college graduates’ opinions compared to non-college graduates’ opinions.

Specification The estimated effect of in-group signals depends on the accuracy rate of the judg-
ment tasks before receiving the signals. For instance, if everyone correctly judges whether state-
ments are true or false even before receiving any signals, they will not respond to those signals
(thus, the estimated effect will be small). Because the accuracy rates differ between the tasks used
for partisan signals and those used for education signals, this poses a challenge when comparing
the effects of the two types of signals. To address this issue, we restrict samples (i, j) to the control
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group whose pre-signal answers are wrong. We run the following three regressions. For j = 3, 4, 5,
we run

yi,j =β̃11{si,j = I}+ const. + ε i,j. (15)

For j = 8, 9, we run

yi,j =β̃21{si,j = College}+ const. + ε i,j (16)

yi,j =β̃31{si,j = IE}+ const. + ε i,j (17)

(15) estimates the effect of in-group partisan signals, while (16) and (17) estimate the effects of
education signals.

The effect of education signals may differ depending on whether the signal refers to the opin-
ions of college graduates or non-graduates, for two reasons. First, regardless of respondents’
own educational background, they may respond more strongly to signals from college graduates.
Second, respondents may react more strongly to signals from individuals who share the same ed-
ucational profile. 1{si,j = College} takes one if the signal comes from college-graudates, whereas
1{si,j = IE} takes one if the signal comes from those who share the same education profile with
respondent i. Therefore, equation (16) captures the first scenario, whereas equation (17) captures
the second.22

By comparing ̂̃β1 with ̂̃β2 and ̂̃β3, we get a sense of the magnitudes of in-group bias in infor-
mation processing across partisan groups, relative to the bias based on education groups.

Results Table A6 shows the results in South Korea, and Table A7 shows the results in the U.S..
Specifically, column (1) reports ̂̃β2, (2) reports ̂̃β3, and (3) reports ̂̃β1 for the binary opinion. Columns
(4)–(6) present the corresponding estimates for the continuous opinion measure.

The results indicate that respondents do not respond significantly to education signals. For
instance, in South Korea, ̂̃β2 is positive and statistically significant; however, respondents react to
signals from college graduates only 7 percentage points more than to those from non-graduates.
This effect is substantially smaller than that of in-group partisan signals (17.3 percentage points).

These results yield two key implications. First, partisan in-group bias in information process-
ing is substantial. Second, the findings suggest that this bias cannot be simply attributed to mis-
perceptions about the educational composition of each political group. If partisan disbelief merely
reflected such misperceptions, the effect of partisan signals should not exceed that of education
signals.

22In the pre-analysis plan, we specified (16), but (17) was not indluced.
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Table A6: In-Group Bias Compared to Education Signals: South Korea

(1) (2) (3) (4) (5) (6)
Dummy Dummy Dummy Continuous Continuous Continuous

Educ Educ Party Educ Educ Party
In-Group Signal -0.004 0.173 -0.024 0.140

(0.006) (0.016) (0.001) (0.021)
College Signal 0.007 0.000

(0.001) (0.022)
Observations 1185 1185 1133 1185 1185 1133
Mean of outcome 0.070 0.070 0.309 0.257 0.257 0.530

This table compares the magnitude of in-group bias in information processing with the effect of education-based signals
in South Korea. The dependent variable measures the change in respondents’ opinions before and after receiving a
signal, conditional on incorrect pre-signal answers. The key regressors are indicators for in-group partisan signals and
education signals. Columns (1)–(3) report results for the binary (“dummy”) update measure, while columns (4)–(6) use
the continuous update measure. Task fixed effects are included, and robust standard errors are shown in parentheses.
“College Signal” indicates signals from college graduates, and “In-Group Signal” refers to signals from respondents’
own partisan group.

Table A7: In-Group Bias Compared to Education Signals: United States

(1) (2) (3) (4) (5) (6)
Dummy Dummy Dummy Continuous Continuous Continuous

Educ Educ Party Educ Educ Party
In-Group Signal -0.038 0.021 -0.038 0.090

(0.038) (0.021) (0.014) (0.017)
College Signal 0.032 0.057

(0.027) (0.030)
Observations 827 827 1544 827 827 1544
Mean of outcome 0.522 0.522 0.466 0.606 0.606 0.532

This table compares the magnitude of in-group bias in information processing with the effect of education-based sig-
nals in the U.S.. The dependent variable measures the change in respondents’ opinions before and after receiving a
signal, conditional on incorrect pre-signal answers. The key regressors are indicators for in-group partisan signals and
education signals. Columns (1)–(3) report results for the binary (“dummy”) update measure, while columns (4)–(6) use
the continuous update measure. Task fixed effects are included, and robust standard errors are shown in parentheses.
“College Signal” indicates signals from college graduates, and “In-Group Signal” refers to signals from respondents’
own partisan group.
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E Experiment: Experimenter Demand Effect

While previous research has shown that experimenter demand effects are limited in online
survey experiments (Mummolo and Peterson, 2019), it remains important to examine whether
our findings could be driven by such effects. To ensure that our results are not driven by exper-
imenter demand, we reanalyze the data after excluding respondents who appeared to pander to
the hypothesis presented by the experimenter.

Specifically, we exclude those who change their answers to the following question about risk
attitudes between the beginning and the end of the survey.23

We asked in the survey: “We ask about your attitude towards risk. Suppose that according
to the weather forecast, the probability of rain today is 35%. In such a case, do you usually take
an umbrella when you go out?” Then, we ask the same question at the end of the survey, but we
add “Our hypothesis is that people dislike risks, so they usually take an umbrella” for those who
answered “No” at the beginning of the survey. Similarly, we add “Our hypothesis is that people
like risks, so they usually do not take an umbrella” for those who answered “Yes” at the beginning
of the survey. If the answers differ between the beginning of and the end of the survey, it would be
because a respondent panders to the hypothesis presented by the experimenter (Mummolo and
Peterson, 2019). Thus, such respondents are subject to the experimenter demand effect.

We excluded such respondents, which left us 2112 respondents in South Korea and 2495 re-
spondents in the U.S..

Results Table A8 presents the treatment effect on partisan disbelief; Table A9 reports the in-
group bias in information processing in the control group; Table A10 presents the treatment effect
on this in-group bias; and Table A11 shows the treatment effect on affective polarization. Overall,
the results are consistent with those from the main analysis, indicating that experimenter demand
effects are not a serious concern in our experiment.

23The same approach was taken by Kishishita and Matsumoto (2024). A similar approach was also taken by Dhar
et al. (2022). They measured each respondent’s propensity to provide socially desirable answers based on a question-
naire used in social psychology. They found that the treatment effect did not differ across propensities.
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Table A8: Treatment Effects on Partisan Disbelief

(1) (2)
SK US

Treatment -0.049 -0.075
(0.011) (0.010)

Observations 2112 2495
Mean of outcome 0.227 0.191

This table reports the estimated treatment effects on partisan disbelief after excluding respondents identified as sus-
ceptible to experimenter demand effects. The dependent variable is the post-treatment measure of partisan disbelief,
defined as the difference in perceived accuracy between in-group and out-group supporters across non-partisan factual
questions. Each coefficient represents the effect of being assigned to the treatment group (Ti = 1) relative to the control
group. Standard errors, shown in parentheses, are robust to heteroskedasticity.

Table A9: In-Group Bias in Information Processing (Control Group)

(1) (2) (3) (4)
SK SK US US

Dummy Continuous Dummy Continuous
In-Group Signal 0.059 0.082 0.008 0.048

(0.010) (0.007) (0.010) (0.012)
Observations 3135 3135 3759 3759
Mean of outcome 0.100 0.424 0.174 0.486

Note: This table reports the estimated in-group bias in information processing for the control group after excluding
respondents susceptible to experimenter demand effects. The dependent variable measures the change in respondents’
judgments before and after receiving a signal, defined either as a binary (“dummy”) update or a continuous update.
The key regressor is an indicator for whether the signal originates from in-group members. Task fixed effects are
included, and robust standard errors are reported in parentheses.

Table A10: Treatment Effects on In-Group Bias in Information Processing

(1) (2) (3) (4)
SK SK US US

Dummy Continuous Dummy Continuous
In-Group Signal 0.059 0.082 0.008 0.048

(0.010) (0.009) (0.011) (0.012)
Treatment 0.017 0.023 -0.025 0.022

(0.008) (0.018) (0.011) (0.021)
In-Group Signal x Treatment -0.035 -0.063 0.014 -0.047

(0.002) (0.033) (0.009) (0.022)
Observations 6336 6336 7485 7485
Mean of outcome 0.100 0.420 0.165 0.485

Note: This table reports the treatment effects on in-group bias in information processing after excluding respondents
susceptible to experimenter demand effects. The dependent variable measures the change in respondents’ judgments
before and after receiving a signal, defined either as a binary (“dummy”) update or a continuous update. The key
variable In-Group Signal × Treatment captures the differential effect of in-group versus out-group signals for treated
respondents relative to the control group. Task fixed effects are included, and robust standard errors are shown in
parentheses.
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Table A11: Treatment Effects on Affective Polarization

(1) (2) (3) (4)
SK SK US US

Unfav Uncomf Unfav Uncomf
Treatment -0.027 -0.001 -0.088 -0.026

(0.013) (0.013) (0.013) (0.017)
Observations 2112 2112 2495 2495
Mean of outcome 0.530 0.439 0.497 0.276

Note: This table reports the estimated treatment effects on affective polarization after excluding respondents identified
as susceptible to experimenter demand effects. The dependent variable is the difference in favorable feelings toward in-
party versus out-party members, measured either by self-reported warmth ratings (Unfav) or by (un)comfortableness
in social relationships with out-party members (Uncomf ). Each coefficient represents the effect of being assigned to the
treatment group (Ti = 1) relative to the control group. Robust standard errors are shown in parentheses.
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F Questionaires

F.1 Baseline Survey in South Korea

Link to PDF (in Korean)

F.2 Baseline Survey in the U.S.

Link to PDF

F.3 Experiment in South Korea

Link to PDF (in Korean)

F.4 Experiment in the U.S.

Link to PDF
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https://www.shinnosuke-kikuchi.com/files/research/Z_qs/qs_study1_sk.pdf
https://www.shinnosuke-kikuchi.com/files/research/Z_qs/qs_study1_us.pdf
https://www.shinnosuke-kikuchi.com/files/research/Z_qs/qs_study2_sk.pdf
https://www.shinnosuke-kikuchi.com/files/research/Z_qs/qs_study2_us.pdf
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